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the optimization problem is given as

0= sup {J; + x[r + 21 \/V_]I]] + /_12 \/E?]z]]x + Kq (01 - V])JVI + Kz(gz - VQ)JVZ
o (5.31)

1 1 1
+ 5[77% + n%]Jxx + Eo-%vl‘]vlvl + EO-§V2JV2V2 + X[O'ﬂh \/v_lpljxw + (o)1) \/V_ZpZJxvz] 5

with boundary condition J(x,v,T) = % Here, J;, Jx, Jy,, Jxx, Juy,;, and Jy,, for i = 1,2 are the
first and second partial derivatives of the function J with respect to ¢, x, and v;.
The optimal strategy and the associated value function are derived in the next proposition.

Proposition 5.4.1. The solution to the HIB Equation (5.31) is as follows:

J(x,vi, v, 1) = x;v exp {D(T(t)) + E(t(t))v, + F(T(t))vz}, (5.32)

where T(t) = T — t, D(1), E(1), and F(t) are given by

ZkE klE+k35 5 - IF r
26 ca 20 2 7
D(r) = yrt+ 1EK1 In 3¢ _ iKZ n 3¢ __(5.3h)
ki |2k (RE k) (M- D)) K 2k (R k) (- )
k§ T -1
E@ 3 E( z Z ’ (5.34)
2KE + (kE + KE) (47 - 1)
KE (e -1
F@ = il ) (5.35)

2K + (kE +KE) (7= 1)

with auxiliary parameters

1
Y Y 5 Y 5 /
kg = O'%(l —pgm),kf = m/120-2p2 + Kz,kg = —m/lg,kg = (kf)z - kgkzF

The optimal controls are

KE =021 —pr =Ly kF =23 + ki kE = —— Y 2 kE = J(kE)? — kEKE
> =0 ply—l) 1 y— 10101 T K1, K y—ll 3 (kp) 0™2

. _/_ll\/v_]_o'l\/v_lplE(T_t)

m = — —
v-1 v-1 (5.36)
. —/12\/V_2_0'2\/V_2P2F(T—f)

The optimal allocations are

vi —A—oipE(T —1) _Vithbs —A — 0P F(T — 1)
V1+b1 ’)/—1 V1+b1 V2+b2 ’y—l

v, —Ay—0p F(T — 1)
V2+b2 ’}/—1 '

=
(5.37)
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See Appendix D.4 for the complete proof.

In the multivariate 4/2 model, the optimal allocation of S, is the same as that in the uni-
variate 4/2 model by Cheng and Escobar (2021). Moreover, there is a term that is proportional
to the optimal allocation of S, in the weight of S |, where the factor ,8% combines the effects
of volatility co-movements and the correlation between assets. More importantly, this term in
asset S| completely hedges away the risk from W, in asset S ,.

In the search for a verification result, the Proposition 5.4.2 next describes conditions for a

real-valued and finite value function. The proof is provided in Appendix D.5.

Proposition 5.4.2. The function J(x,v,t) is a well-defined solution to the HIB Equation (5.31)
if
Y 5 3 2 .
— Ao (2o + o) + ¢ > 0, i=1,2. (5.38)
y—1
To ensure that the optimal control is the unique solution and that its associated value func-

tion solves the optimal problem, a verification result along the lines of Cheng and Escobar
(2021) is provided next.?

Theorem 5.4.3. Consider a function J(x,v,t) : [0, 00) X [0, 00)? x [0, T] — R, such that

1) J is real-valued, finite, once continuously differentiable in t and twice continuously differen-
tiable in x and the vector v; and

2) J satisfies Equation (5.31) and its terminal condition, with J(x,v,t) = x—;h(v, 1) for a positive
function h(v, l) — eD(T*l)‘FE(T*t)V]+F(T*t)\/2;

3)

3.1) The function E(T — t) in Equation (5.34) must satisfy the following condition:
a1((1-F5p0)*+1-pDET-n

— il 1
for0<y<1,-1<p; < y,and/ll> s

Y e32ls _K_%
PO E(T) + (_y— 7 /11] S
(5.39)
3.2) While the function F(T — t) in Equation (5.35) must satisfy the following condition:
a2((1= 2 H1—pDF(T-0 5+

1—«,7T1P2

| 1
— |1 - L=p 2 +1-ph2EAT) - 21 -
2 v—1 y—1 v—1

f0r0<y<1,—1£p2<7%,and/_lz>

2
— K
22> ——2.
1 ) 2073
(5.40)

1 4
—5[«1 g p2)’ + 1= p)as FAT) -2

1
2 (1 - L p)on F(T) + (—~
y-1 y-1 Y-

4) Both functions E(T —t) and F(T — t) must satisfy the following condition as long as
T 1((1=F7p0)* +1-p) E(T-n 1

=501

i)O<y<1,—1$pi<77_1,0</_11<

Ta((1=55p2 P +1-pDF(T-D 5+

and 0 < A, < ;
2 1—%1)2

2The proof, in the stream of Kraft et al. (2013) (Appendix C) is also entertained, which does not rely on a Lip-
schitz condition for the utility, hence permitting potential extensions to log and Epstein-Zin utilities. Conditions
from both proofs are checked to be satisfied by the values of parameters in numerical analysis.
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ii0<y<l, 77_1 < pi < 0and A; > 0; or
iii) y < 0 and A; > 0:
2
L L
2(y—1)7? 207
Then i}, i = 1,2 in Equation (5.36) denote the optimal control and J in Equation (5.32) is the
corresponding value function. Hence, n? in Equation (5.37) are the optimal allocations.

(5.41)

See Appendix D.6 for the complete proof.

5.5 Numerical analysis

In this section, we report the implication of our model for investors within EUT for a CRRA
utility.

We first adapt the estimates of the one-dimensional 4/2 model by Cheng and Escobar (2021)
to our two-dimensional setting. The estimation reported in the aforementioned paper, Chapter
2, was conducted based on S&P 500 and VIX data from January 2010 to the end of 2019. Here,
we take key statistics of asset S|, such as expected returns, expected variances, and expected
volatility of variance, as benchmarks, adjusting parameters for asset S, such that similar values
are ensured for the same key statistics of S,. The parameters are presented in Table 5.1, and
the key statistics are listed in Table 5.2.

More specifically, we first map the parameters for the variance driver vy, from the process
of v, in Cheng and Escobar (2021). To do this, let v;, = a’v,, where vy, is the first variance
driver, while a and v, are from Cheng and Escobar (2021). By Ito’s lemma, it can be shown
that

dvy, = k(a*0 — v))dt + ao \v1,dZ,, (5.42)

which yields the values of the parameters in Equation (5.4): k| = k, 6, = a%6, and o) = ac-.
Then, we find the value of b; by setting the expected volatility to be the same:

b b
Vo + — = o, + —, 543
ave+— JT+\/9_1 (5.43)

where v, and vy, are targeted to their mean reversion levels 6 and 6, respectively. Recall,
parameters a and b are the proportions of the Heston component (i.e., a = 0.9051) and the 3/2
component (i.e., b = 0.0023). The mapping results of «;, 8;, o1, and b, are reported in Table
5.1. The parameters associated with S, are obtained by first setting the variance drivers to the
level of their long-term mean reverting value, v;; = 6;, i = 1,2, and then ensuring that the key
statistics in Table 5.2 are met.

Now, we can assess the impact of the raw new parameters, § (driver of py,), b, (driver of
VZ,, volatility of S») and b (driver of p.,.,), in the optimal allocations; see Figures 5.1, 5.2,
and 5.3, respectively.
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Table 5.1: Baseline parameters

r T vy Ki 0; u Pi by by b3 B vi=0 A

2% 10 -1 7.3479 0.0269 0.5985 -0.7689 0.00208 0.0015 -0.0039 0.7139 0.0269 3

1.0857

Optimal strategy m vs.

Optimal strategy w2 vs. 8

Figure 5.1: The impact of 8 on the optimal strategies. Panel (a) shows 7 vs. 3. Panel (b) shows 75 vs.

B.

Optimal strategy m vs. by Optimal strategy m vs. by

&Y o3s
0sf
025
02
015
o1 L
0 0.02 0.04 0.06 0.8 01 0.12
b2 b2
(@ (b)

Figure 5.2: The impact of b, on the optimal strategies. Panel (a) shows 7y vs. by. Panel (b) shows m,
VS. bz.
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Optimal strategy m; vs. bs

Optimal strategy m vs. bs

05

Figure 5.3: The impact of b3 on the optimal strategies. Panel (a) shows mr; vs. b3. Panel (b) shows m,
vs. bs.

The figures confirm the significant impact of § and b3 on allocations to the first asset and the
influence of b, on allocations to both assets. The impact is consistent with findings by Buraschi
et al. (2010). In their paper, the correlation between the asset (oy,) and the volatility of assets
(VZ1, VZ,) is related to the matrix M, while volatility co-movements (p..,,) are connected
to the matrix Q in the Wishart process. Specifically, the matrix M drives the mean reversion
of the variance-covariance matrix, and the matrix Q determines the volatility of the variance-
covariance matrix. That is, all the parameters in the matrix M (Q) participate in explaining the
key statistics VX, pPy0 (Ocovo). This leads to difficulty not only in interpreting each parameter
but also in extracting the pure effect (the combination of all interactions among parameters in
the matrix) of the so-called statistic of interest on optimal allocation.

To extract the pure impacts of P.g0, 050 and VX, on the optimal allocations, we control
the impacts of excess asset returns, covariances/variances, and volatility of variances on the
optimal strategies by keeping them constant, as per Table 5.2. In particular, if p,,, and p, are
not the examined parameters, then they are set to 0.5.

Table 5.2: Baseline statistics

S S,
Return (/,l,) M1 =1+ /_ll(Vl + bl) =0.1068 Mo = 0.1
Variance (%) 5= (Vi ) 200312 %, =004
Volatility of ; (A) Ay = (I + b2v)oy yor = 0.0981 Ay =0.1
Pcovo 0.5
Psto 0.5

The statistics of interest, p.,, and py,, are closely related to the parameters b,, bz, and 3.
Here, by controlling the variance of S, (i.e., Z;), we can work out the expressions for b, bs,
and S in terms of pcoyo, Psi0, and Zo. That is,
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BVB+—2)
Psto = R (5.44)
B+ (Vo

(o] \/aﬂz(l-*-b%@])

Peovo = VB (462002026, +(1+b26: 2026, (5:45)
%, = BV + ) + (VO + &) (5.46)
A% =p41 + b§91)20'%91 +(1+ b%@z)za'gez , (5.47)
—
— /Jmix‘/f
B= —(m ) (5.48)
ey
by = 6, (_1 + ,/“"5;)22) (5.49)
_ (1=pZowo)A
02 = || st (5.50)
_ o1 VBT (1+b361)
Poovo = B 0200220, + (14626, 026, .51

where the expression of § in Equation (5.48) results from substituting Equation (5.46) into
Equation (5.44); the representation of b, results from combining Equations (5.46) and (5.48);
the formula for o, follows from replacing 8 in Equation (5.47) by Equation (5.48); and the so-
lution of b5 can be obtained from Equation (5.51) by substituting o, 8, and b, from Equations
(5.50), (5.48), and (5.49).

For a reasonable range of p.ov0s 0510, the variance of S, (£;), and volatility of X, (A,), the
parameters b,, b3, 0, and S can be found as reported by Equations (5.49), (5.51), (5.50), and
(5.48). In this setting, we adjust A, accordingly to ensure that the expected return of asset S,
also remains constant:

I B0 + bs)'
6, + b,

Now, we are ready to study the clean impact of the key statistics, namely pcov0, P50, and
VZ,. This is a first in the literature. Figure 5.4 illustrates the impact of p.,,, on the optimal allo-
cations with different levels of volatility of X,, where the examined range of p.., € [0.01,0.9]
is the maximal interval passing all necessary conditions (i.e., the change of measure in Propo-
sition 5.3.1, the technical condition in Proposition 5.4.2, and the verification theorem in Propo-
sition 5.4.3). The figure conveys the little importance of these statistics for allocations, quite
different to the apparent, misleading importance from Figure 5.3. This can be explained by
the lack of financial derivatives on the portfolio (i.e., the incomplete market setting). In an in-
complete market, there is little control over stochastic covariance risk, rendering key stochastic
covariance parameters devoid of impact on optimal solutions.?

(5.52)

3A complete market study may require difficult-to-price multi-asset derivatives, so it is left for future studies.
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Optimal strategy 71 vs. peovo

Optimal strategy m vs. peovo

1172

14715 1

1471

11705

1169

11685

1168

11675 . . . . 0515
0 0

Peovo Peovo

(@ (b)

Figure 5.4: The impact of changes in p,,y, on the optimal strategies. Panel (a) shows m; vs. pcovo. Panel
(b) shows 73 vS. peovo-

The significant influence of py,, on optimal allocations can be observed in Figure 5.5, where
the maximal viable range is [0, 0.57] given that all the other parameters follow the baseline
values. Not surprisingly there are important changes in allocation (e.g., threefold with changes
in sign) for different values of py,. For comparison purposes, we also include Merton’s optimal
allocation. For a fair comparison, we consider the Merton analog of our multivariate 4/2 model:

dSlt = Sltl: Mdl"l‘O'qdeU],

N (5.53)
dSy = Sy ' dt + B dW,, + o dWs |,

where o} = VO; + \/», W = r+ A(c??, and g = r+ 48" (M) + A (o)), with 4,
the same as before while A, keeps adjusting to ensure constant ). Note that by comes from
the flexibility of the 4/2 model; hence, there is no b; in the Merton analog. The correlation

between stocks would become

where 2 represents the variance of stock S; that is, ) =
set Values of Psr0, 22 , and uz as before, we can get

ds, dSy
<51’S2

BM O'M

M _
Psto =

ds ds,
(B1y < B2

Psto |2

1
S

(5.54)

B (o M)? + (o))*. With the same

M M
M u_ [fym s qu e == ey 5.55
P = — ot = N L i (5.55)
The optimal strategy for the Merton model is computed accordingly, such that
A hig
Mx — =2 5.56
S T—y 5-20)
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It can be realized that both strategies recommended by the 4/2 model and the Merton model are
highly sensitive to changes in correlations among assets. Specifically, as correlations among
assets increase, the allocations in both assets shrink drastically in an incomplete market. We
observe that both the 4/2 and Merton strategies offset the risk exposures of S, from the risk
factor W, precisely, while the 4/2 strategy takes the risk from volatility co-movements into
account and hence allocates less than the Merton strategy does in S,. The 4/2 strategy does,
however, allocate slightly more than the Merton strategy because of the hedging demand in S ;.

It should be noted that the 4/2 strategy would bring even more richness to the solution
and differences to existing solutions as variance drivers v; change. This is because the optimal
allocation depends explicitly on the volatility driver. In other words, the figures we have created
assume that the volatility driver at the time of analysis is at its long-term value; if this were not
the case, then we would expect larger differences to the Merton strategy and others.

Optimal strategy m1 vs. pgo Optimal strategy 7 vs. psio

T T
\ —— 4/2 strategy 4/2 strategy
N = = Merton strategy = = Merton strategy

Figure 5.5: The impact of the changes in ps, on the optimal strategies. Panel (a) shows m; vs. pgo.
Panel (b) shows m, vs. pgp-

Figure 5.6 illustrates the impact of the volatility of S, on the optimal allocations, where we
consider the range of VX, to be within [0.2, 0.6].

The impact of the risk aversion level, y < 0, on optimal allocations is illustrated in Figure
5.7, where the optimal allocations under the Merton model are provided as a benchmark.

5.6 Conclusion

In this chapter, we developed a multivariate 4/2 model that is flexible enough to capture,
in a more interpretable way, stochastic correlations among assets and among variances (co-
volatility movements). We found closed-form expressions and conditions for well-defined
changes of measure and c.f. and m.g.f. under risk-neutral and historical measures. We stud-
ied an expected utility portfolio optimization choice in an incomplete market setting. The
optimal strategy implied by the multivariate 4/2 model was solved in closed form along with
a verification theorem. The pure impacts of stochastic correlation among assets and among
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Optimal strategy m vs. /X Optimal strategy m vs. /2o

T T 06

L L L L
02 025 03 035 0.4 045 05 055 06 “02 025 03 035 04 0.45 05 0.55 06

(a) (b)

Figure 5.6: The impact of volatility of S, i.e., ¥X,, on the optimal strategies. Panel (a) shows m; vs.
vX,. Panel (b) shows 7 vs. V.

Optimal strategy m vs. 7y

Optimal strategy ma vs. v

24 T T T 1 T T T
— /2 strategy — 472 strategy

02 = = Merton strategy = = Merton strategy
2 — 711

08

061

04 01 L L L L L L L

(2) (b)

Figure 5.7: The impact of y on the optimal strategies. Panel (a) shows 7 vs. y, and Panel (b) shows 7,
vs. ¥ along with the Merton strategy as a benchmark.
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volatilities (co-volatility movements) on the optimal allocations were presented with the con-
trol of expected returns, variances, and volatility of variances. The numerical analysis indicates
that although the new parameters have significant impact on optimality, this does not translate
into a significant impact on co-volatility movements. Moreover, the importance of stochastic
correlation and variances among stocks are confirmed.



Chapter 6

A class of portfolio optimization solvable
problems

This chapter reveals the largest class of stochastic volatility processes solvable in closed form
within expected utility theory for a hyperbolic absolute risk aversion investor. The risky-asset
setting considers a framework outside the seminal work of Liu (2007), and highlights applica-
tions not yet studied in the literature. The work also demonstrates that analytical solutions for
ambiguity-aversion analyses within the framework of Maenhout (2004) are feasible.

In this setting of continuous-time models with potentially incomplete markets, dynamic
programming is one of the main approaches for tackling the implied optimal control problem
associated with an expected utility theory (EUT) setting. Finding the optimal control (e.g., the
optimal proportion allocated to the risky asset) involves solving a partial differential equation
(PDE) that may not be tractable. Although numerical methods have advanced significantly in
the past two decades, closed-form solutions are still desirable and convenient to gain a better
understanding and interpretation of solutions.

This chapter has two objectives. First we aim to provide the most up-to-date review of
solvable models within EUT for a hyperbolic absolute risk-averse (HARA) investor', many
of which have not yet been implemented in the literature. Second, based on this collection
of solvable cases, we use a simple change-of-control method to reveal a large family of fully
solvable models, opening the door to far more complex and realistic configurations of diffusion
and drift terms. For the sake of facilitating presentation and readability, we consider one risky
asset with stochastic volatility in an incomplete market. Although extensions to multiple risky
assets, complete markets, and other state variables are viable, they are more difficult to present
in a granular form? .

Liu (2007) made the most celebrated attempt at revealing a large family of solvable models
in EUT, presenting the class of exponential-quadratic value functions and its originating mul-
tivariate models (quadratic returns and quadratic processes) for CRRA (constant relative risk
aversion) utilities. The author detailed the functional forms of the drifts and diffusion terms
of asset prices, state variables (stochastic volatility, or stochastic short rate, or predictors of
stock returns), and the correlation between asset prices and state variables that allows for such

I'This also connects to pre-commitment solutions in the realm of Mean-Variance theory.
2In the appendix, section E.2, we provide some insight on multidimensional models

101
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exponential-quadratic form of the value function. Importantly, the paper was not concerned
with detailing subclasses, leaving the door open to exploring members of such large family in
terms of, for example, verification theorem, conditions for well-defined solutions, or further
extensions in lower dimensions.

This chapter takes advantage of a one-dimensional setting (i.e. one risky asset, and one state
variable) to perform a granular analysis of which specific stochastic volatility models would
be solvable within HARA utilities. We go directly to the required PDE, showing that under
certain conditions there are solvable cases outside the exponential-quadratic family. We then
outline all these cases with the title “base cases”. We go beyond the base cases via a change
of control. This technique originated in the seminal work of Liu and Pan (2003) dealing with
financial derivatives, and it was later used widely, even for ambiguity-averse problems; see
Escobar et al. (2015).

This chapter is organized as follows. Section 6.1 presents the general model for a stock
process and its stochastic volatility. Section 6.2 formulates the optimal portfolio choice prob-
lem in an incomplete market and discusses the changing of control. Then, a list of specific
solvable models (i.e., base cases) and their source paper are presented in Section 6.3.

6.1 The model

Let all the stochastic processes be defined on a complete probability space (Q, 7, P, {F}sej0.17)-
where {F;}j0.r] 15 a right-continuous information filtration generated by standard Brownian
motions (BMs). Let us assume a general model with one risky asset and a state variable driving
its diffusion and market price of risk terms:

ds

S—t = [r+Av)G(S s, v, )] dt + G(S,, v, )dW,, S(0) =Sy > 0, (6.1)
t

dv, = mi(v)dt +my(v)dZy;, v(0) =vy >0, (6.2)

where r is the risk-free interest rate; A(v;) is the market price of risk (MPR); G(S, v;, t) rep-
resents the volatility of the risky asset; and m;(v;), my(v,) are the drift and volatility of v,
respectively. The correlation between the underlying asset and the state variable is captured
by W, and Z;, via the parameter p € (—1,1). For ease of representation, we write dW, =
pdZy, + 1 — p>dZ,,, where Z, is another standard BM, independent of Z;,. We assume all
the coeflicients of the SDEs above are progressively measurable with respect to the filtration

{Filiero.1)-
Assumption 6.1.1. /. To ensure uniqueness for the SDE (6.1), we assume (see Kraft (2005))

T
f (lxl(v,)G(S,,vt,t)l + Gz(St,v,,t)) dt < o a.s. 6.3)
0

2. For the SDE (6.2), we ensure existence of the solution adapted to the filtration {F}ic10.1)
by checking the growth condition on its coefficients. That is,

mi(t, xo) + ms(t, x0) < K*(1 + x3) (6.4)

Jor xo € R, |xo| < N, 0 <t <T for arbitrary positive constants N and T for some K > Q.
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3. To ensure uniqueness in Equation (6.2), we need to employ the Yamada—Watanabe con-
dition (Watanabe and Yamada, 1971); see Theorem 4 therein. This is, there exist real-
valued, continuous, positive, and increasing functions f(u) and g(u) defined on [0, C) for
some C > 0, such that:

|ml(t’ X()) - ml(I,YO)| < g(|x0 - y0|)a

(6.5)
Imy(2, xo) — ma(t, yo)l < f(Ixo — yol)

for all xo, yo € R such that |xy — yo| < C; where £(0) = g(0) = 0, and f*(u)u™", g(u) are
concave, satisfying the relation,

f [y + gw)] ' du = o, (6.6)
0+

We consider a portfolio optimization problem in the framework of EUT with HARA utility;
that is, u(x) = @ with x > F and y # 0. This is arguably the largest and most popular family
of utilities among practitioners due to its flexibility in capturing risk preferences. The following
are some interesting special cases of HARA utility, which can be adapted to our methodology:
v = 2 Quadratic utility3, F =0, v < 1 leads to Power utility (CRRA), andy — 0, F = 0 to
Log utility.

An investor’s objective is to find an investment strategy that maximizes their utility from
terminal wealth at time 7. The portfolio consists of a risky asset, i.e., Equation (6.1), and a
risk-free asset M, with dynamics

dM[ = Mtrdt, (6.7)

where M, = 1, and r is the constant risk-free interest rate.

6.2 Problem formulation

For a HARA investor with a finite investment horizon, we denote 7, as the proportion of wealth
that the investor allocates to the stock, and the remaining portion of their wealth, (1 —;), is kept
in the risk-free bank account M;. The goal of the investor is to find a strategy that maximizes
their utility from terminal wealth; that is,

J(x,v,0) = sup By, [u(X7)], (6.8)
nelU,
where J(x, v, t) is the value function.
Using a self-financing argument, the wealth X; of the investor follows the SDE:
A = |r+ mAv)G(S,, v;, t)]dt + 1,G(S;, v, )dW,. (6.9)
1
As before, we need conditions on m, such that the coefficients of the SDE above are pro-
gressively measurable with respect to the filtration {#;};c0.r7, and the SDE (6.9) has a unique
solution. These requirements lead to a set of admissible strategies (denoted by U) as defined
next:

3This establishes a connection with the pre-commitment solution within mean-variance theory (MVT), see
Zhou and Li (2000), Theorem 3.1.
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Definition 6.2.1. 7 is an admissible strategy if
1) it is progressively measurable, and
2) For all (xg,v9) € R* X R* and t € [0, T], the SDE (6.9) has a pathwise unique solution
{XT }e0.r) under the risk-neutral measure Q, and
EQ

X0,V0,10

[u(X,)] < oo,

where EX

il = E°[. | X, = x, v, = v] denotes the conditional expectation.

Next, we consider a new control variable i, such that
wt = Trl‘G(St’ Vis t)7 (610)

where i, satisfies

T
f (IW(W))I +wf)) dt < o as. (6.11)
0

This last equation ensures that ¢, is an admissible control satisfying Definition 6.2.1, with the
new set denoted by U. We can write the portfolio optimization problem in terms of the new
control as follows:

J(x,v,t) = sup E,, ,[u(X7)] = sup E,, [u(Xr)]. (6.12)
nely veld

The wealth process with the new control then follows the SDE:

% = [r + zﬁt/l(v,)]dt + Y dW,. (6.13)
t

The wealth under ¥, looks simpler than in the original process with ;. Moreover, if we solve
the problem in terms of ¥, then we can produce the solution to the original problem.

The rationale above means we should first find all cases solvable under the simpler wealth rep-
resentation. That is, we should first describe all the functions A(v;,), m;(v;), my(v,) such that ¢ is
solvable in closed form. These will be regarded as “base cases”.

Remark 1. This approach allows for solvability of arguably any diffusion term G(S, v;, t).
That is, G(-) could be any well-defined function, finite and nonzero, supported by data.
For instance, if G(S;, v, 1) = S{(a /v, + %), where 0 < a < 1, then a local volatility 4/2
model would be targeted. Here, G could even be a highly non-linear function from the
realm of machine learning.

2. The approach implies the same value function and optimal wealth for infinitely many
functional G’s. However, this is an illusion, as every choice of G would lead to differently
calibrated parameters; for example, the parameters in v, from the multiplicative model
G = §S,v, would be different to those in v, if working with G = v,. Thus, the value
function and optimal wealth would be different due to the parameters.
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6.3 Portfolio optimization and solvable “base cases”

As explained in the Section 6.2, the investor’s goal is to find a strategy that could maximize
their terminal utility from terminal wealth. That is,

J(x,v,t) = supE,, [u(X7)]. (6.14)
veld

Based on the principle of dynamic programming, the corresponding Hamilton-Jacobi-Bellman
(HJB) equation satisfies

| 1
sup {J, + [r + w/l(v,)]xlx # PP o+, + R0 + xwpmz(v,)J,w} =0, (6.15)
[

where J;, Jy, Jy, Jix, Jivs Jyy are the first and second partial derivatives of the value function J

with respect to ¢, x, v. The above HIB equation also satisfies the boundary condition J(x, v, T) =
(x=F)

Y
Further, we assume a candidate value function of the form

_ -r(T-1)yy
S = EZEET 0, (6.16)
y

with terminal condition A(v, T) = 1. Using the first order condition in the maximization prob-
lem leads to a candidate optimal solution of ¢ such that

—xpmyJ,, — AxJ,

Y= -
X Jxx
- (=phy = Ah) ©1
=(x—Fe )J————
x(y = Dh
Substituting y* back and simplifying leads to a PDE in terms of the helper function /:
1 1 1 h?
he+{ry - 5)%1/12(%)) h+(m1(vt) - )%l/l(vr)sz(Vt)) hv+§m§(vz)hw—iy—zl ng(Vr)% =0.
(6.18)

Scholars have tackled the above PDE with the most general ansatz for 4 as an exponential-
quadratic (see Liu (2007)). That is,

h(v,t) = exp{A(T) + B(t)v + %C (T)v2}, (6.19)

where 7(T) = T —t, and A(0) = B(0) = C(0) = 0 to ensure the terminal condition i(v,T) = 1
for all v. Note that G(S;,v;,t) plays no role in the solvability of the PDE, while A, m;, m, are
critical®.

Liu (2007) was the first to mention that a polynomial with an order higher than 2 cannot help
in solving the PDE, but no proof was provided. Hence, in the next proposition, we conclude
and prove the limitation on the order of the polynomial for the conjectured value function and
the solvability of the portfolio optimization problem.

“Although p could be made a function of v;, its bounded nature would create high nonlinearity in the PDE,
jeopardizing any solvability.
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Proposition 6.3.1. Consider a HARA investor, who aims at problem (6.12). Assume that the
value function J(x, v, t) is conjectured in the exponential family, such that

— Fe " T-0yy — Fe1T-0yy 1
IO P G L S C Sk L exp{ZAk(T)vk}, (6.20)
Y Y =0

where T(T) =T —t, and A;(0) = 0 for all k = 0, 1, ..., n. The ansatz cannot solve PDE (6.18) if
the highest degree of the polynomial n > 3.

See proof in Appendix E.1.

The exponential-quadratic family for a CRRA setting (¥ = 0, y < 1) was described by Liu
(2007), leading to a quadratic diffusion process of the state variable and quadratic returns (see
Definitions 1 and 2 therein). To facilitate the connection, we map the notation between the two
papers for one risky asset and one state variable: N = Ny = 1, 7 = 0 or 1; X denotes the state
variable, which is v; in our paper, and P is the return of the risky asset, denoted S in our paper.
For the drift and diffusion process of the state variable X (see Equations (9)-(11) in the refer-
enced paper), and the drift and diffusion process of the risky asset S, (Equations (14)-(17)), we
get:

1. 7 = 1 implies an OU process for v, (Table 1, column 2) with constant or linear MPR
(Table 1, rows 2 and 4):

uX =k - KX =m;, X = ho = m%,
(u—r)EE) (u—r) = Hy+ 2H, \JH X + HIX* = 22, (6.21)
o —-r) =1+ LLX = pmoA.

2. n = 0, implies a process for v, slightly richer than a CIR (see Table 1, column 3 for the
CIR, i.e. hy = 0) with constant and square root MPR (Table 1, rows 2 and 3)°:

p =k -KX =my, X = hy+ X = m?,
(u=nEE) " (= r) = colho + i X) = 2, (6.22)
XXX w-r) = ci1(hy + i X) = pmaA.

Interestingly, our approach allows for richer risky asset diffusion terms, this is, our G can be a
function of the asset itself and time, more flexible than X in Liu (2007). We also realize that
Equation (9) in the referenced paper violates the Growth condition unless K, = 0 or p = 0,
hence we have to limit the drift of the SDE for the state variable to the linear case.

Several exponential-quadratic models have been thoroughly analyzed in the existing literature.
For example, Kraft (2005) solved two base cases related to the Heston model (i.e. G as a 1/2
with v a CIR)®, while Cheng and Escobar (2021) developed the solution for the 4/2 model of
variance (G as a 4/2).

Sother subcases appear if p = 0
6Chacko and Viceira (2005) solved a case of an inverse CIR (G as a 3/2) with infinite horizon hence outside
our framework.
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The PDE (6.18) can also be solved outside the family of exponential-affine structures, an
example is available for p = 0O thanks to Lie symmetries for PDEs and the use of confluent
hypergeometric functions (see Cheng and Escobar-Anel (2022)). This case fits into non-linear
MPR within our context. For clarity, Table 6.1 summarizes a collection of solvable cases with
the source of the main result, if no source is provided, it means the case has not yet been studied
in the literature.

Table 6.1: Summary of solvable cases

Stochastic

MPR volatility
)
Constant G=v G = C: CRRA (Merton, 1969)
HARA (Merton, 1975)

OU process | CIR process

= 4/v;: CRRA (Kraft, 2005)
HARA (Legendre and Togola, 2016)
MVT (Li et al., 2012; Sun and Guo, 2018)
G=a+v, + \%: CRRA (Cheng and Escobar, 2021)
MVT (Zhang, 2021b)
G= Lf MVT (Zhang, 2021a)

Linear in /v,

Linear in v, G =

(exponential-quadratic) W
G = v

Linear in (a /v, + \%) G = al v, + %: CRRA (Cheng and Escobar-Anel, 2022)
G =

H




Chapter 7

Conclusion

In this thesis, we study portfolio optimization problems using dynamic control theory for the
4/2 stochastic volatility model proposed by Grasselli (2017). We obtain the (robust) optimal
strategies by solving the associated HIB(I) equations in both an incomplete and a complete
market. Verification theorems are provided to ensure optimality. We perform sensitivity anal-
ysis based on parameters estimated from real-world data. The impact of important parameters
is presented and the wealth-equivalent losses are addressed for typical suboptimal strategies.
Moreover, consumption and a more preferable market price of risk are considered, and the so-
lutions entail confluent hypergeometric functions due to their non-affine nature. Furthermore, a
multivariate 4/2 stochastic model is proposed and constructed in the structure of a linear com-
bination of independent 4/2 factors. We consider a portfolio optimization problem including
two risky assets and derive conditional characteristic functions (c.f.) under both the real-world
measure and risk-neutral measure, which can be used for risk management and options pric-
ing. Lastly, the class of stochastic volatility processes solvable in closed form within expected
utility theory for a HARA investor is explored.

With the contributions we have made in this thesis, there are still many limitations we re-
alized from our results. Several extensions can be considered in future research but are not
limited to:

e Numerically, our estimation approach depends on the minimum of variance process,
which leads to biased estimators, moreover, a full multivariate estimation has not been
performed. This limitation calls for improvement of the estimation method in future
research.

e Theoretically, there is no consensus on what form of the market price of risk is the most
appropriate one in the existing literature. Due to its relevance to the solvability and
the analytical representation of the portfolio optimization problem, it is worthwhile to
investigate this problem from solid empirical analysis.

e Explore portfolio solutions for the popular Epstein-Zin recursive utility investor.

e The multivariate model is worth investigating in at least two aspects: 1) a complete
market, which can help to better extract the impact of co-volatility movements on optimal
asset allocations; 2) an estimation for multiple assets.
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Appendix A
Proofs for Chapter 2

A.1 Proof of conditions on change of measure

Proof. The first step is to ensure the change of measure is well-defined and for this we use
Novikov’s condition, i.e., generically for i = 1,2

E[exp(% fOT /_liz(\/v_s)zds)] - E[exp(%’z fOT vsds)] < .

From Cheng et al. (2019), in order for this expectation to exist, we need one condition:

2 2 ,
s — A<= (A.1)
o

That is, B
max{|/_ll| , |22|} < ;

The second step is to ensure the drift of the asset price is equal to the short rate under @, which
is obviously satisfied here.

The third step ensures the discounted asset price process, S, =e"S,, isatrue Q-martingale
and not just a local Q-martingale, therefore it does not concern the change from P to Q but
rather the martingale properties of the asset price under Q (see Grasselli (2017), section 2 for a
similar situation). Recall,

ds b 0 0
S_tt rdt + (Cl \/V_t + W) (pdzlt + /1 - pZdZZI)

— — | pdZ7 + 1 — p*dZ
3 ) Pz paz;)

(a\/v_t+

115



116 CHAPTER A. PrROOFS FOR CHAPTER 2

Note, under Q, we have:

E°[S|

S { f( 2 Jows - ! Of(am Ay H

- el o oot o VT oo s
cool [ v o

ozt - f(rT) f(f W)}

= §0EQ

expip (a Vs

X exp

R e

Xexp{;(l—pz) a\/v_s+%)2ds——j‘(a\/_+ \/_5)2 s}

0

! 2
exp{p a\/v_s+ )dZQ—%pzf(a\/v_s+ \j)v_i) ds}
0

xexp{ p2f( )a’ZQ—%(l—pz)f(a\/v_s+ %)zds}}

0
= §0EQ [§Iz§2r] = :STOEQ [61’]

where we have used dW2 = del% + 41— ,oZdZZQ‘Y , the independence of ZIQS and ZQQS (hence of
v, and ZzQS ); and &, &, defined as follows:

= §0EQ

& = exp{pfl(a\/_+ \/_)sz_%Ffj(a Vs + \j)v_s)zds}
& = exp{\/l——f(a\/_+ )dZQ—%(l—pz)ft(a\/v_s+%)2ds}

&1, 1s an exponential local martingale while &, is an exponential martingale.
Hence, testing the martingale property for the discounted asset is equivalent to performing
the Feller nonexplosion test for volatility using &;,. Note £, can be interpreted as a new change
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of measure for the volatility process:

b
dz? zp(a\/v_t+ ?)dwdzg

Vi

Hence we check the CIR process does not reach zero under Q1:

b
= dv, =x(0 — v))dt — op \/v_t(a Vv + \/_) dt+ o \/v_,ng1
Vi
k6 — opb ol
= (k+opa)| ——— — v |dt + c\WdZ] .
(k + opa) !
This leads to the following conditions:
under Q;:
0% < 2k60 — 2 |opbl,
K+ opa>0
under Q:
dv, = KO-v)dt — cvdt + o \WdZE
= (K+a'/_ll)( — —v,)dt+0'\/v_,dZIQt
K+ 0
o? < 2«6
k+od; >0
under P:

dv, = k(0 — v)dt + oW, dZ,,

o2 < 246.

These together lead to condition (2.12) and conditions (2.13), (2.14).

A.2 Proof of optimal investment strategy

Proof. Proof of Proposition 2.3.1.
Separate out terms that involves 7 in Equation (2.16) and denote it as a function g(x):

1 -
0=J,+k@—-v)J, + 5(72VJW + sup {x (r + wA(av + b)) J,

T

1 b
+ —x2772(a W+ —)ZJxx + x(av + b)O’prv}.
2 W
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That is,
1
0=J,+«k(@—-v)J, + EO'ZVJW + sup {g(n)}.

By the first order condition, we can find a candidate optimal investment strategy 7, i.e., 7%, such
that

- b
g(m = x(/l(av + b)) Jo+ Xrn(a v + T)ZJM + x(av + b)opJ,,.
v
Set g’(7r) = 0 and solve for the candidate 7*:

. —\Wopd, — AW,
= )
x(a + %)Jxx

(A.2)

Substituting 7* back into HIB equation, eliminating the “sup”, cancelling, simplifying, and
regrouping, it follows that
vopAd 1 vo?p? 1 2%

1
= + 6 — v+_2 W+ e —JoJ— = i —Jc.
0 Jl‘ K( V)J 20- VJ rxj Jxx J J 2 Jxx o 2 Jxx *

Assume the form of J(x, v, t) is given by J(x, v, 1) = %h(t, v), where h(T,v) = 1, Vv. Thereby, it follows that
Y 4 Y
Ji= x_ht, J, = x_hv’ Jy = x)Flh, o = x_hvv, Jw = x)F]hV’ Jo =y = 1))6)/72]’1.
Y Y Y

Moreover,

J? x?0-Dp? xh J% x?Dp2 X'h?
Jo (y=Dx2h y—1"Jy (y-Dx2h (y- D
JoJw xX2=Dpp, _ xX'h,
Joo  =Dx2n y-1

Substituting back into the PDE and simplifying by multiplying by the term % to both sides
leads to
yh, 1, , yh Lo Vh

1 -
0=nh+«k@—-v)h, + Eazvhw +ryh —vopl—— — —vo

. (A
o1 2P oon 2ty o A9

Furthermore, assume that A(¢, v) is of exponentially affine form, such that A(z, v) = exp(A(7(¢))+
B(7(?))v) ,with time horizon 7(¢) = T — t and therefore boundary conditions

WT,v)=1Yv= A0) = A((T)) = 0, BO) = B(x(T)) = 0. (A4)
This leads to
> B*h?
h, = (=A’ — B'v)h, h, = Bh, h,, = B?h, Z === B*h.

Substituting again and simplifying leads to

1 - 1 1-
0=-A"—Bv+«(®—-Vv)B+=0vB> +ry— VO'p/lLB - —va'ZpZLB2 iy LN
2 v—1 2 v-1 2 y-1
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Separating out v:

1 - 1 1-
0=-A"+k0B+ry+ v[ -~ B —kB+ —0’B* - O'p/lLB - —c'ZpZLB2 - —AZL].
2 v—1 2 y—1 2 y-1
We end up with a term that is linear in v, but both “coeflicients” are linear differential equations.
Both of them have to be zero, such that

A’ = kOB + vyr, (A.5)
1 2.2 _ 1 /'12
B=-(2-Y P \p (ks 1YL \p- -~
2 vy—1 vy—1 2v-1
1 2.2 _ 1 /_12
= (2 + 2P\ g (-2 2P\ = Y
2 -y 11—y 21—y
S ———— ——
ko ki ko

The Equation (A.5) is a so called Riccati equation with auxiliary parameters k;,i € {0, 1,2},
which can be solved. Let A(t), B(t) be two time dependent functions satisfying the equations

A'(1) = k0B(1) + yr,
B'(1) = %sz(T)z -k B(1) + %ko. (A.6)

and the boundary conditions A(0) = 0, B(0) = 0 with constants ky, k1, k, satisfying k%—kokz > 0.
Define k3 := /k% — koky. The right hand side of Equation (A.6) has roots

kl + dk%—k()kz ~ kl ik3

k> ok

B, =

which is well defined due to the assumption made. Separating factors leads to

dB(r) k +k k
=1 - 52)

Integrating yields

fB(T) 1 dﬂ fT k2d
= | =dt
0 (B - ) (Br) - 1R 0 2

B( )_k1+k3 k k
In kk—ln1+3:k3r
B(r) - == ky — ks

B(7) (1 -
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where we implicitly assumed that B(t) # % and B(t1) # ]“k; % which will be shown later. We
finally obtain
(ki + k3) (1 = €57) (k2 = 2) (1= eh)
B = -
(1) = 6 ( k1+£3 ekﬂ) ko (ki — ks — (ky + ka)ebor)
kO ( k%‘r) €k3T 1 k() (ek37 _ 1)

= =k = . A7
k] - k3 - (kl + k3)€k3T O(kl + k3)€k3T - kl + k3 2k3 + (k[ + k3) (€k3T - 1) ( )

This leads to the following representation for A(7),

T k() (€k3t - 1)

A(T) = B(t)dt = 2] drt.
(1) WMH-L Ok B(t) VT + Kjo‘ ot ot k) @ =)

With 3(1) = 2% + +ks) (¢ = 1), ie., 1= FIn(EEEHER) = Lin(3A8) and dr =
dz, we obtain:

AT) = yrr+ 0 ( f T_1 f v d)
T T + Ok— 47— - 4
7 ks \J0) 2k + k3) .0 Az+ki—ks)

k3 (Z+k1 k3)

Note: Z(Ha) g + Z% = C(Z“Z‘?J)DZ = C“:((Zi;)mz & Ca=1, C+ D =0. Solving for C, D:
a=k —k;, C= k11k3’ D:_k11k3
@ @ @ 1
Al =yrr + HKZ_: (L; 2k 1+ k3)dz - .fz;) 2(ky 1— k3)dz ’ L; z +k/]<:k3— k3 dz)
Raatrad e M e M
with o = bk = BK Gk hore 2 = &2 — Kok,

A=y 2 (e ke 4 )

Taking 2k; out, we get

ki + k3 2(7)
A = yrr+ 22K . (( T )[ln(z+k1 k3)] o [nz]z(o))

Note 2(f) + ky — ks = ki + ks + (ky + k)@ — 1) = (ky + ka)(1 + € — 1) = (ky + ka)e®'
andz(0)+k1 —kys =2ks —ks+k = ks +k;

ky+k3
26K Dse T
A )
@=rr+ g n{2k3+(k] +k3)(eksf—1)]
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Then, we can obtain A(t,v), i.e., h(t,v) = eATO*BEOY - Moreover, J(t, x,v) = %h(l, v) and
its partial derivatives can be obtained. Lastly, substitute these partial derivatives of J into the
optimal strategy * from Equation (A.2), such that,

o o= Nvoply = AV,
x(a v + %)Jxx
_ \VvopB(T - 1) . A .
(avv+ %)(1 -y (ayw+ %)(1 -7)

A.3 Proof of option price process

Proof. We have:

ds,| _[S:(r+ @i+ b)ip + LyT=p?) i
dv, k(0 —vy)
+ Stp(a\/\7,+ \/LW) S Vl _Pz(a\/v_t+ %) dz,,
(T\/V_t 0 dZZt ’
ZF

where F, = (S,,v,)". Then the option price can be represented as O, = m(F,,t). On the one
hand, according to Bjork (2009), the option price should satisfy the following PDE,

- 1
rm=m; +rSmg + (K(9 —v)— oV, W) m, + Etrace (ZFTmffZF),

where my is a matrix of mixed partial derivatives of the function m. On the other hand, by
applying Ito’s Lemma to the function m, we can get

dm = dt+m;ZFdZt,

- - 1 T
m; + Smg (r + (av+Db)(1p+ 1 - pz/lg)) +mk(0—v)+ Etrace (ZF mffZF)

v

to S and v respectively. Now, we can combine the last two PDEs to obtain
dm = [rm +odivm, + Smg(av + b)(4,p + V1 — pz/_lz)] dt

+mgS (p(a W+ i)arzl, + /1= pXav+ i)dzz,) +m, (o VvdZy,).
Vv Vv

V4 . o . .
where dZ, = [ZZU]’ and my = [’ZS ] denotes the partial derivative of the function m with respect
2

Rearranging and regrouping the equation by two risk factors, i.e., dZ,, and dZ,,, such that

b
dm = rmdt + |pmgS (a Vv + —) + m,c v
v

\/_
msS \1—p2(a W + i\/_)] (12 Vvdt + dzy,).

(/_ll \/;dl‘ + let)

+
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Thus, the dynamic of option price is given as

%Ot':rdt+0it [mSpSt+mv(0-—\/v_tb}(a\/v_t+ b )](Rlx/v_,dt+d21,)
a\/v_,+\/—v7) Vi
K
K
+i (mg l—pzS,)(a\/v_,+ b )](/_lzx/v_tdt+d22,).
O, Vv

L,

L

Note: Here we factor out the term (a Vv + \%) which is the diffusion coefficient from stock
process, together with the Brownian motions Z;, and Z,, that are involved in the stock process.
Also, as the diffusion part of the stock process and stochastic volatility are of different forms,
ie., (a v + %) vs. 0 4/v;, we cannot totally separate out v, from K;. But this follows the
same idea as Liu and Pan (2003) and Escobar et al. (2017). O

A.4 Proof of optimal investment strategy in complete market

Proof. Proof of Proposition 2.3.3.
The corresponding HIB equation that the value function should satisfy is given by

- 1 _ - .\ = _ - 1 - _
0=J,+sup {ExznTVszxx + x(r + nTV/l) J.+ anVRT(r Wi, + 50'2\1]”, + k(6 — v)]v},
neR2

where R = (1, 0) represents the correlation between the diffusion part of the stochastic volatility
process (i.e., dZ;;) and the diffusion part of the stock process (i.e., pdZ;; + /1 — p*dZy;). The
function J is the value function denoted in the case of complete market, such as

_ xY _
J(x,v,t) = —h(t,v),
Y

with A(T,v) = 1. Similarly to the value function in the incomplete market, J,, J,, Jy, Jy, and
J,, are first and second partial derivatives of the function J, and it should satisfy the boundary
condition J(x, v, T) = ’% Plugging J(x, v, f) into the HIB equation (2.23), we get

_ _ 1 _
0=J,+xk(@—-v)J, + EO'ZVJW + sup {g(n)},
n

where g(n) = 120" V2nJ + x (r +nT V/_l) J+xn" VR o \lvJ,,. With a first order condition on
the function g(n) and setting g’'(n7) = 0, we get the candidate of optimal 7", this is:

7= (7)) (—VRTU NELR R )

xJ xJ



